2

User Competence and Influence on the Adoption of New Technologies: Technophobia, Exposure to Technical Jargon, and the Support of Social Networks

–––––––––––––––

A Thesis

Presented to the

Faculty of

San Diego State University

In Partial Fulfillment

of the Requirements for the Degree

Masters of Arts 

in 

Communication

by

Lisa Beth Birman

Fall 2005

SAN DIEGO STATE UNIVERSITY

The Undersigned Faculty Committee Approves the 

Thesis of Lisa Beth Birman:

User Competence and Influence on the Adoption of New Technologies:

Technophobia, Exposure to Technical Jargon, and the Support of Social Networks

____________________________________________

Brian Spitzberg, Thesis Chair

School of Communication

____________________________________________

David Dozier

School of Communication

____________________________________________

Bob Hoffman

Department of Educational Technology

____________________________________________

Approval Date

© 2005 by 

Lisa Beth Birman

All Rights Reserved. 

ABSTRACT OF THE THESIS
User Competence and Influence on the Adoption of New Technologies:

Technophobia, Exposure to Technical Jargon, and the Support of Social Networks

by

Lisa Beth Birman

Master of Arts in Communication

San Diego State University, 2005

As new technologies are diffused into society, the study of technophobia becomes increasingly relevant when examining technology’s influence on the end user. Identifying and understanding some of the influences on user adoption and technological competence may allow for potential intervention into the phenomenon of technophobia. This study investigated a number of factors associated with the use and adoption of new technology, with emphasis on communication technologies. User adoption was examined in relation to competence, to include the factors of motivation, knowledge, and skill. Some concerns associated with learning new technologies were addressed, such as technophobia, diffusion, and the effects of exposure to associated technical jargon. In addition, the influence of a person’s social network was addressed, considering whether they may be supportive and helpful in reducing technophobia and increasing competence. Through this study the development of new perspectives on the societal impact of emerging technologies was explored and tested. This study distributed both hardcopy and online surveys to a sample of over 250 community members. The results showed that as motivation, knowledge, skills, and network supportiveness increase, technophobia decreases, and as these processes occur, likelihood of technology adoption increases. In addition, the study found that the effects of exposure to technical jargon on technophobia were moderated by gender and the particular aspects of competence and motivation being studied.
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Chapter 1

Rationale


As new technologies emerge into society daily, people’s lifestyles and livelihoods are directly affected. The impact this phenomenon causes in individuals’ lives generates a need for understanding and adjustment to the technology. Historically, technological progress has given rise to social change. As the needs of a society change, people are required to keep abreast of new innovations in both their personal and professional lives. Ultimately, the adoption of new technology is required as many of the emergent technologies become an integral part of the society. Therefore, it is important to understand and examine factors that influence a person’s adoption of new technology, as well as both the positive and negative effects that technology can have on the user.

Implications of Technological Change

The use of technology is increasingly widespread, and can include a number of media, ranging from electronic devices such as personal computers, gaming devices, cameras, cellular telephones, personal data assistants, to digital technologies such as the internet, electronic mail, online communication and conferencing programs, digital cable, and satellite technology. Nearly everyone is exposed to some sort of technological media, either for communication purposes or in some aspect of vocation or recreation. Technological media are those devices that translate, amplify, or otherwise alter the information in natural media, those that send and translate symbols using only our bodies and minds (Morreale, Spitzberg, & Barge, 2001, p.174). The advent of the personal computer has initiated a growing number of research studies, particularly in the area of computer-mediated communication (Bunz, 2003; Hacker & Wignall, 1997; Morreale et al., 2001; Spitzberg, 2004; Walther & Parks, 2002). However, because of the constantly changing realm of computerization, information technology can no longer be limited to computers alone.  According to Bunz (2003), most people’s daily environments now demand a rather broad range of skills or fluencies for information seeking and information dissemination. Technology is rapidly changing many of the ways in which humans communicate, and technological media directly affect our natural state of body and mind in the interaction process (Morreale et al., 2001). In addition, technology is changing many of the other ways in which people conduct their daily lives. It is shaping our society and defining the parameters within which we, as functioning members of the society, conduct ourselves.

Technological change has directly affected humankind throughout time. The number of ways in which technology has impacted society is beyond measure. The philosophical theory of “technological determinism” is discussed in some of the today’s socio-cultural literature and is often associated with the notion of social progress (Feenberg, 1999; Henwood, Wyatt, Miller, & Senker, 2000; Rogers, 2002). This theory suggests that technologies emerge and then proceed to transform the society into which they are diffused. Technological determinism also suggests the degree to which social changes in a society are believed to be caused by technology (Rogers, 2002, p. 55). The influence of technology on society lends itself to a need for further research, since technology is changing at a rapid pace, creating the need for humans to adapt in order to keep up with the demands of society. 
Throughout history, many different technologies have changed the ways in which people live their lives. Sometimes upon introduction they have been met with resistance by the public, and their purpose or importance may have been questioned by skeptics or traditionalists. The telephone, radio, television, and automobile marked new eras in technological change within global society (Henwood, Wyatt, Miller, & Senker, 2000; Shapiro, 1999). Within the last few decades, society has been impacted by the advent of the computer, the internet, satellite technology, digital cable, wireless networks, and increasingly requisite use of cellular telephones. Cultural meanings are given to technical artifacts, and their uses are emphasized as functions of society (Henwood et al., 2000). Shapiro (1999) suggests the importance of reflecting on the relationship between controlling a computer and a computer controlling one’s life. Some people cannot imagine their lives without one or more of these devices. Conversely, some people simply cannot fathom adopting such technologies, or perhaps they are overwhelmed by their mere presence.

With any new technology’s inception, a fascination with its unfamiliarity lends itself to the learning curve (Shapiro, 1999). According to Bunz (2003), learning about technology, or at least having an attitude of openness towards it, aids in understanding – a requirement for success in an increasingly technologically-driven society. As the usefulness of new technologies become less foreign and more a part of everyday existence, people typically become accustomed to their presence and societal impacts (Shapiro, 1999). As technology infiltrates our society, more and more people are required to use some kind of technology in vocation or recreation. However, many people have experienced difficulty learning and adapting to the new technology. Some people adapt to the new technologies quickly, while others experience a greater sense of difficulty in learning, developing knowledge and skills, and ultimately adopting their use within their daily lives. Morreale et al. (2001) stated, “Many people now routinely do banking, investing, calculations, scheduling, and shopping on devices that are self-contained and held in the palms of their hands”. They also infer that the technology can be counter-productive, if a person lacks the motivation, knowledge, and skills to use it (p. 178). This study will examine user-anticipated adoption of technology in regard to such issues within the constantly changing realm of technology.

Technophobia

Many people experience some kind of anxiety or resistance to using new technology. According to Goldsborough (2003), many people struggle with technology, avoid learning how to use it, or fail to take full advantage of it. When people do not know how to use technology, they may have some kind of fear or anxiety about using it. This can cause resistance to use – or perhaps avoidance of – the technology altogether. This resistance to new technology is known as “technophobia” or the “fear of technology”. A number of communication scholars discuss this concept (Brosnan, 1998; Morreale et al., 2001; Scull, 1999). Such a fear can play an adverse role in a person’s adoption or rejection of a particular innovation, or can cause anxiety or apprehension. When factors of anxiety and attitude are combined, the concept of technophobia begins to emerge (Brosnan, 1998, p. 10). Anxiety regarding technology may often produce resistance to the use of such technologies. Or perhaps people may feel overwhelmed or afraid of something because of its unfamiliar technical nature. Morreale et al. (2001) suggest that technophobia is often based on unfamiliarity with a medium (p. 185). Yet, everyone must learn to use some type of technology, as our society is becoming more and more dependent upon computerization. 

It seems as though technophobia may become increasingly common, with the infiltration of such a variety of technological innovations. Studies have shown a rise in technophobia as a result of societal industrialization. In 2003, Korukunda and Finn found that technophobia has been “an enduring problem in industrial economies over the last 20 years with some estimates putting the number of technophobes at close to one-third of the industrialized population of the world” (p. 2). They suggest that this is likely due to the heavy infusion of computer technology in everyday life. Students are often exposed to such technologies, with computers and digital media at the forefront of education. Scull (1999) conducted a study measuring computer anxiety among a group of students. The results showed that the students experienced higher levels of anxiety when they were under time or goal pressures, or when the technology failed or somehow malfunctioned. When something went wrong, this affected the emotional state of the students, leading to panic and anxiety. Conversely, the study also showed that despite deadlines and equipment failure, many students were able to figure it out. Exploring logical solutions to the problems they were experiencing included methods such as calling technical support or asking someone for help. Those with knowledge and experience had less anxiety than those who did not know how to operate the equipment. It seems as though person’s inability to efficiently utilize a particular technology may increase technophobia, if they lack the necessary knowledge or skill to operate it.
Factors Involved in Developing Competence

The use of technology is so widespread, that unless it is vital to career or personal life, some people may lack the motivation to adopt. For some people, the adoption of new technology is dictated by their vocation. Many jobs require that employees not only adopt, but become highly proficient with a particular technology. Such people may experience a higher level of motivation, knowledge and skill than those who have no need for the technology in their employment. Any number of factors can contribute to motivation or desire to learn and use new technology. 

Competence can be achieved through the process of learning, acquisition of knowledge, and development of skills. The model of computer-mediated competence developed by Spitzberg (2003) and Morreale et al. (2001) involves the individual factors of motivation, knowledge and skills. These factors when combined together can contribute to an increased level of competence, and can be measured in regard to a person’s use of a particular technology. According to Spitzberg (2003), motivation can have either positive or negative facets. The negative facets reflect the fear and apprehension aspects that characterize technophobia. The positive facets generally reflect “a feeling or belief that a given medium can enhance preferred outcomes” (Morreale et al., 2001, p. 183), and therefore can lead to an increased competence. Morreale et al. (2001) suggest that knowledge can be gained either via formal methods such as workshops and computerized tutorials, or by more informal ways such as tinkering with a device, or having someone show them how to perform a simple task. Spitzberg (2003) describes skills as being “the repeatable, goal-oriented behavioral tactics and routines that people employ in the service of their motivation and knowledge” (p. 12). Because they represent behaviors, skills can be measured in order to assess the degree to which a user has achieved competence with a particular technology.

The process of learning may vary per individual; therefore, a number of resources are available to assist a person in increasing his or her competence. Some studies (Abu-Jaber & Qutami, 1998; Bunz, 2003; Eastin & LaRose, 2000; Hacker & Wignall, 1997; Korukonda & Finn, 2003; Scull, 1999) involve the development of technological competence in an educational setting. Scull (1999) observed a group of graduate students at a computing center and collected data to measure their anxiety. Anxiety was most associated with situational factors. Some of these factors, such as equipment failure and unreliability, did not aid in the creation of a comfortable environment, and caused some of the students to shy away from the technology. However, taking classes and spending time in the environment are typically positive methods of exposure, and can contribute to gradual learning and adaptation over time. This can lead to an increased comfort level thereby decreasing technophobia.

The Digital Divide and Diffusion of Innovations

The required rate of adoption for some is less urgent than for others, and exposure over longer periods of time may help to reduce some peoples’ apprehension. However, there are different levels of learners, and a number of factors can affect a person’s competence. With the proper training and development of knowledge and skill, technophobia may be reduced. People who acquire the necessary skills more quickly and with greater ease may begin using a new technology right away. These savvy users will usually adopt a technology much sooner than those who experience technophobia, who in contrast are often the last to adopt the technology. This varied degree of use may be related to the “digital divide” (Bunz, 2003, Eastin & LaRose, 2000), involving those with little or no computer skills versus those with increasing proficiency. Some groups formed by age, ethnicity, or socioeconomic or geographic boundaries may have limited access to technology, thereby appearing less competent. However this divide has become less pronounced, with the infiltration of technology and its relatively rapid diffusion to the masses. It is important to consider that with the closing of the divide, awareness and support must continue to parallel the addition of new technological media into society.

This process of dissemination is sometimes associated with the “diffusion of innovations,” a theory developed by Rogers, first in 1962. According to Rogers (1985), “Diffusion is the process by which an innovation is communicated through certain channels over time along the members of a social system” (p. 5). This is a process of convergence, by which information about an innovation is imparted. Any idea or object, if perceived as new to the user, is considered an innovation. Rogers suggests that a person may have known about an innovation for some time, but may have neither adopted nor rejected it, perhaps not having yet developed either a favorable or unfavorable attitude towards it. Thus a person’s attitude or resistance to a new technology could cause the person to be uninformed, thereby decreasing their likelihood to adopt. Studies have been conducted on the diffusion of innovations (Lee, Lee, & Eastwood, 2003; Lee, Lee, & Schumann, 2002), and the impact this has on user adoption. These studies focus on consumer adoption rather than organizational adoption, as it is generally more likely for a person to adopt a technology when demands in the workplace call for it. 

The channels of communication by which information is diffused in regard to consumer adoption of innovations (Lee et al., 2002) are of further research interest. Whether disseminated technologically (Lee et al., 2003) or by human channels, the diffusion of innovations certainly appears to have an influence on adoption. Because information can travel through a variety of channels, many factors can influence a person’s propensity to adopt. While much of this research is behaviorally driven, it lends itself to the need for further study of human communication as an influence. When people hear of a new technological innovation, they may be more motivated to learn about it, and potentially adopt it.

RQ1:
Does the increase in diffusion of innovations lead to 

an increase in motivation to adopt new technologies?
Influence of a Social Network

The influence of a social network can play a vital role in adoption of new technology. According to Mantovani (1996), social influence processes “permeate the construction of our identities,” helping us to establish what is appreciable and what is not. These influences define interactant goals, structure situations, and give precise meanings to our projects and initiatives. The people we interact with regularly, such as family, friends, neighbors and co-workers, have a significant impact on daily interactions and decision-making processes. The diversity of such a social network lends itself to a wide range of demographics, education levels, skill sets, personal hobbies, and professional pursuits. With such varied influences in many people’s lives, individuals are certainly exposed to associates whom they consider to be technologically competent, or even experts in a specific area. These are the people who may adopt contemporary innovations right away, upon their release, or are perhaps constantly evaluating new technologies for purchase, whether for personal or professional use. Rogers (1995) refers to these people as innovators, “the first to adopt a new idea in their system” (p. 22). The novice or average user of technological innovations may experience a feeling of comfort when consulting these people for help or advice. 

The adoption of many technological innovations occurs over time, as a kind of domino effect. As more and more people begin using a particular technology, the word starts diffusing rapidly (Rogers, 1995). The rate of adoption is directly linked to the diffusion of innovations. According to Rogers (1995) the rate of adoption is “the relative speed with which an innovation is adopted by members of a social system” (p. 22). For example, if someone purchases a new, complex device, which he heard about from a co-worker, he may show it to a few of his friends. After seeing what the device was capable of, the new user, upon first-hand recommendation of usability, may decide to purchase the same device. This is one example of social network influence in adopting a new technology. Rice and Webster (2002) infer that there are a variety of levels of adopters, and that some people are influenced by other’s decisions or social influence (p. 192). Similarly, if a person experiences difficulty in operating some kind of device, he or she may call a friend for help, someone who is considered to be knowledgeable about that type of device. In Scull’s (1999) study, students who experienced anxiety often turned to people in their social network for help. The study showed that the friendship network proved to be a more comfortable approach, one which allowed the person seeking the assistance to feel less intimidated than they would by going to technical support or consulting a computer manual. Asking a friend, relative, or neighbor for assistance or advice is generally comfortable for a person, and usually proves to be a reliable resource.

These examples show how the dissemination of information about a particular technological innovation can occur within an individual’s social network. Such influence may contribute to motivation to acquire and adopt certain technologies. An increase in competence will generally result in a decrease in technophobia. But what happens when there is a lack of knowledge or skill necessary to use the technology? Do people typically go to their friends for help?  Do they take classes in order to become proficient with the technology, or read technical manuals to increase their knowledge of the product? There are many resources a person can consult to increase their knowledge. But an individual may become bombarded with messages from all these sources, overwhelmed by manuals, or feel uncomfortable in the classes. This study will examine some of the methods by which people acquire new information and skills, particularly via the influence and support of a social network.

H1:
Technological knowledge, skill, and the motivation to learn a technology are positively related to the technological supportiveness of the social network.

H2:
As social network technological supportiveness increases, technophobia decreases.
Exposure to Technical Jargon

Through the influence of a social network, awareness is often generated about some of the advantages that a new innovation could provide in either personal or professional applications. Advertising media may also play an active role in the promotion of new technology. Technical terminology is sometimes presented in conjunction with the commercial messages geared toward promoting adoption, which can become overwhelming for the average consumer.  Terminology “refers to the words, sentences, and abbreviations used by a system” and is identified as an important predictor in increased usability of a particular technology (Thong, 2004). With the increase in technological innovations comes an increase in technological jargon. As a society evolves, so does its language. According to Tennant (2004), “Jargon is a word for technical terms in which the meanings are known by only a select few” (p. 1). He further discusses the use of jargon by technically-minded individuals to “establish one’s credentials as a techie, to impress one’s colleagues, or to intentionally confuse” people. Technical support staff are often notorious for using heavy terminology in their assessments of a problem. Typically revered as experts, these people are sometimes perceived as confusing or even rude (Hirst, 2003; Tennant, 2004). In Scull’s (1999) study of computer anxiety in a graduate computer lab, many of the students avoided asking the technical support staff for help, because they used words that were foreign to the students (like a “foreign language”), which caused them to feel stupid or uneducated. In addition, the students felt that books and manuals could also be intimidating because of their use of technical jargon, and sometimes do not offer a step-by-step approach to solving the problem. Regardless of the context, the use of jargon is inevitable, as it is a critical component of the technology with which it is associated. 

To learn about the technology, one must also learn the language, or at minimum be exposed to it with the intention of gaining a clearer understanding of that which it embodies.  For some people, the exposure to technical jargon may serve as an aid in learning about the technology. Often when learning about something new, it helps to have not only a visual but also a narrative description about the item. The more a user hears the terminology associated with the technology, the user may become more knowledgeable about the device, and perhaps develop increased competence this way. As a person interacts with others who use technical jargon, they may learn more about the technology because of their increased awareness generated by exposure. In a recent study, Hirst (2003) discusses the uses of jargon, and the word jargon itself, with its multiple connotations, either negative or neutral. It is a necessary aspect of technology that often has a bad reputation, due to its complexity. Hirst also defends the argument that the use of technological jargon is positive, because it is precise, stable, and enhances cohesion among the sciences (p. 220). 

Because it is becoming increasingly universal, technical terminology is more accepted, and there is an increased ease in forming familiar verbal or conceptual associations. For some people, minimal exposure in small doses has proven to be a more gentle approach. Scull’s (1999) study mentions the users who consult books and manuals usually turn to those publications containing minimal terminology. These are often more reader-friendly, and use language that common people can understand, thereby decreasing their anxiety. Through this process of obtaining information, the users actually do become more comfortable with the terminology, as they must be exposed to it to obtain further knowledge, or a solution to their problem. According to Scull (1999), “effective information-support can reduce stresses by offering carefully detailed instructions that alleviate the problem and/or explain its cause.” If this is done effectively, the use of technical jargon might not create a barrier but rather aid in the delivery of information. Tennant (2004) suggests that communication between those in-the-know and those not in-the-know has always been and will continue to be an issue, in regards to reaching a common level of understanding. Thus, further research must be done in order to determine whether or not the influence of technical jargon affects a user’s competence and understanding. This study will test the relationship between a person’s exposure to technical jargon and his or her competence. 

RQ2:
What is the relationship between exposure to technical jargon and technophobia about the relevant terminology?

Technological change has always been an integral part of any growing society. As changes occur and progress is made, the rate at which individuals adapt to change is always varied among the population. Some people adopt new innovations early, while others wait years to begin using the technology, or perhaps never adopt the technology at all. Does the exposure to technical jargon hinder the adoption of new technologies for some people? Or does the use of associated terminology aid in the process of adoption, increasing people’s motivation, knowledge, and acquisition of skills? Do people usually turn to their friends for help, and does their support play a positive role in their own adoption?

Chapter 2

Methods

This is a cross-sectional self-report survey design. Many of the measures employed were developed specifically for this study, and are explained below, along with the procedures used to collect the data.

Procedures

The methodology employed in this study involves quantitative analysis of survey-based data. The author distributed questionnaires to a sample of over 250 participants. Both online and hardcopy versions of the survey were made available so as to encourage a range of technological competence and familiarity. The online version also made the survey more accessible to participants of greater geographic distance. The questionnaire was used to solicit information regarding general attitudes toward the use of technology, whether for vocational or recreational purposes. Measures addressed such concepts as anxiety and apprehension (technophobia), attitudes toward technological innovations in society, influences on respondents’ learning and their adoption of technology. The survey instrument is included as Appendix A.

Subjects

The sample included respondents whose use and knowledge of technology varied due to demographics and accessibility. A diverse population was represented, ranging from college students to senior citizens; a purposive sampling strategy was employed in this study in order to ensure this diversity. The sample consisted of 253 respondents, 100 males and 153 females. Ages ranged from 19 to 78 (M = 34.28, SD = 15.49). Participants were solicited from various sources, including students enrolled in university courses as well as community members. The sample consisted of 134 college students and 119 non-college students. Students were solicited from various communication and education courses, and were given the option to complete either the hardcopy or online version of the survey. However, because the researcher did not want to limit participation in the study to college students, a number of subjects were also solicited over the internet. These participants were drawn from the researcher’s personal address book (online database), and the researcher’s father’s address book, containing an older demographic.  Most of the subjects who were solicited online were given a link to complete the online version of the survey. Both the online and hardcopy versions of the survey included a recruitment/consent script (Appendix B), informing the participants that the information they provided would be used for research purposes and would remain confidential. Completion of the survey was voluntary, and no compensation was offered for participation.
Measures

The questionnaire consists of 40 items, the first two of which solicit gender and age (to meet the minimum age requirement of 18). The remaining 38 items employ a 5-point Likert-type scale (strongly agree, agree, neutral, disagree, or strongly disagree) used to measure responses. Participants were asked to indicate their thoughts regarding their own use of technology, by selecting the response that best describes their level of agreement to each statement. Many of the measures were adapted from other studies described below. Additional measures were created by the researcher, and were intended to address concepts unique to this study.


Technophobia and anxiety were assessed by seven Likert-type items, some of which were adapted from the Computer Thoughts Survey Scale (CTS-C; Korukonda & Finn, 2003). The 5-point scale ranged from “very much” to “not at all.” The items in the CTS-C refer to thoughts the subject may have about using technology that could possibly cause anxiety or apprehension. Sample items include “I am going to make a mistake,” “I am totally confused,” “I enjoy learning about this,” and “I know I can do it.” Several items were adopted and modified for this study, including: “I am afraid I am going to make a mistake,” “I enjoy learning about technology,” “I am totally confused by technology,” and “I feel confident using technology.” Additional items created for this study intended to measure technophobia and anxiety included “I am comfortable using technology,” “I get nervous when I am required to use technology,” and “I try to avoid using technology.”


Competence with computer technology has been assessed by a variety of measures in the past. In this study, items were selected or adapted from two measures. Potosky and Bobko (1998) developed the Computer Understanding and Experience Scale (CUE), a 12-item Likert-type scale to assess levels of computer use and knowledge. A total of two items were selected from this measure, “I am computer literate,” and “I frequently read computer magazines or other sources of information that describe new computer technology.” The remaining five items were adapted from the CMC Competence Measure, developed by Spitzberg (2003; see also Bunz, 2003) to collect data pertaining to the use of CMC (Computer-Mediated Communication) technologies. Sample items from this measure include “I enjoy communicating using computer media,” “I am very knowledgeable about how to communicate through computers,” “I use computer-mediated means of communication almost constantly,” and “I am nervous when I have to learn how to use a new communication technology.” Since this study is interested in technology in the broader sense, these measures were adapted as “I regularly use technological devices to communicate with others,” “I am motivated to use technology in my everyday life,” “I take classes to learn more about technology,” “I don’t know much about technology,” and “I am technologically challenged.”


Diffusion and innovation were assessed by 6 items written specifically for this study. New items for this survey were adapted from Spitzberg’s CMC Competence measure to read as “when a new technology becomes more widespread, I become motivated to learn about the technology,” and “I am eager to learn how new technologies can benefit me personally.” Other measures that relate to the influence of technology on the societal level were adapted from Korukonda and Finn’s (2003) General Attitudes Toward Computers Likert-type scale (GATC-C). Sample items from the GATC-C include “you need to know how to use a computer to get a good job” and “computers can help solve society’s problems,” which were used in this study. One item from Korukonda and Finn’s Computer Anxiety Rating Scale (CARS-C), “applying for a job that requires computer training,” was adapted for this study as two different questionnaire items “I am expected to know how to use a computer to get a good job,” and “I try to avoid jobs that don’t require computer skills.”

Technology adoption and network supportiveness were assessed by items adapted from Spitzberg’s (2003) CMC competence measure, Korukonda and Finn’s Computer Thoughts Survey Scale (CTS-C), and items developed specifically for this study.  Items from Spitzberg’s measure such as “I am the first of my friends and colleagues to adopt or purchase a new CMC,” “I am very motivated to use computers to communicate with others” and “I ask questions of the other person in my CMC,” were adapted to read: “when I see someone I know using new technology, I am interested in learning how to use the technology,” “I will likely use a particular technological device if someone I know uses it,” and “if I do not understand something, I ask people I know for help.” The items “I feel quite comfortable when communicating through computer-mediated media” and “communicating with higher-ups through computers relieves some of my tension” were modified to “I am comfortable using technological devices to communicate with others” and “communicating with others using technological devices relieves some of my tension.” Korukonda and Finn’s Computer Thoughts Survey Scale (CTS-C) also incorporates measures related to the supportiveness of a social network. 2 items, “everyone else knows what they are doing” and “people will notice if I make a mistake,” and were adapted for this study as “when I ask others for help, I feel ashamed or embarrassed,” and “I am afraid to ask people who I know to help me because I don’t want to appear ignorant.” The items in this section of the survey intended to address general attitudes toward seeking help with technology. “Someone I know” was used to refer to anyone in the participant’s social network, such as friends, neighbors, relatives, associates, or coworkers. Additional measures were created to measure to social network support and competence: “when I hear about new technology from someone I know, I am interested in learning more about the technology,” “when I ask people I know for help, they are supportive of me” and “I learn best from the people I know,” “I am comfortable asking people who I know to help me,” and “I become more confident with my own skills when asking people who I know to help me.”


The impact of technical jargon and its relationship to technophobia and competence was assessed by adapting items from the Computer Anxiety Rating Scale (CARS-C; Korukonda & Finn, 2003). Some items from this measure include “thinking about taking a computer language course,” “learning computer terminology,” and “reading a computer manual.” These items were adapted to reflect technophobia or apprehension, and 4 new measures were created as “when I hear technical terminology I am comfortable with most of it,” “I am confused by the terminology associated with many technological devices,” and “I become interested in learning more when I hear the terminology.” Although some research has examined issues peripherally relevant to the relationship between jargon and competence (e.g., Scull, 1999), no measures directly assessing these concepts could be located. Consequently, 3 items were written for this study, including: “I avoid calling technical support because I just get more confused,” “I enjoy talking to the technical support because it helps me to understand the terminology” and “the more I use technology, the more I use technical terminology when talking to others.”

CHAPTER 3

Results
Given that many of the measures employed were designed specifically for this study, a series of psychometric analyses were undertaken before the research questions and hypotheses could be tested.

Psychometrics

In order to examine the psychometric properties of the measures, a combination of factor and reliability analyses were employed. The basic procedures for the factor analyses were as follows: (1) Initial principal components factor analysis was used to examine each subset of items that were written to assess one of the key variables in the study. (2) Oblique rotation was employed to enhance interpretability of the factor results. (3) The decision of how many factors to extract and rotate was based on the number of eigenvalues greater than one, the point at which the scree plot leveled dramatically, and whether or not a minimum of 3 items defined the factor. (4) Once a rotated factor solution was obtained, its interpretability was evaluated based on a .60/.40 criterion (i.e., primary loading of .60 or greater and no secondary loading of .40 or greater), and (5) reliability analyses indicating whether or not the factor was viable. (6) In case no reasonable factor structure emerged, successive “alpha if item deleted” analyses were employed to establish the best combination of reliability and scale length. 

Factor Analysis

The first set of items which intended to measure technophobia were factor analyzed, and a single eigenvalue greater than one emerged. All 7 items were highly reliable (( = .92), so these items were summed and averaged to form a measure of technophobia (e.g., “I enjoy learning about technology” and “I get nervous when I am required to use technology”). 

The next set of items referred broadly to one’s sense of technological competence. Two eigenvalues emerged greater than one, and the scree plot suggested leveling after the second factor. Five of the seven items loaded on the first factor, which suggested general technological competence (e.g., “I am computer literate,” “I regularly use technological devices to communicate with others”). This factor achieved a high reliability (( = .87). However, the second factor only loaded 2 items (e.g., “I frequently read articles or other sources of information that describe new technology” and “I take classes to learn more about technology”), and achieved a marginal reliability (( = .66). Given that these items clearly represent a coherent construct of educational technological literacy, it was retained only for exploratory purposes.
The items assessing the role of diffusion of innovations in influencing motivation to adopt new technologies produced two eigenvalues greater than one, and the scree plot suggested leveling after the second factor. However the second factor was not sufficiently reliable, so reliability analysis was necessary for scale refinement. Interitem correlations were examined and items were deleted based on their contribution to increasing the coefficient alpha of the measure. As a result of this iterative process, two items were discarded, resulting in a 4-item measure, which were summed and averaged to form a measure of societal relevance-based motivation (( = .69).
The items assessing the perceived supportiveness of one’s social network and technological knowledge, skill, and the motivation produced two eigenvalues greater than one, and the scree plot suggested leveling after the second factor. Three of the six items loaded on the first factor (( = .86), which suggested network-based adoption-observation (e.g., “When I hear about new technology from someone I know, I am interested in learning more about the technology,” and “I will likely use a particular technological device if someone I know uses it”). The remaining 3 items combined to create the factor network-based adoption-interaction (“If I do not understand something, I ask people I know for help” and “I learn best from the people I know”). This factor suggested user adoption based on network interaction, rather than merely observing or hearing about technology, and also achieved a high reliability (( = .85).
The items assessing technological motivation in the face of perceived network supportiveness, produced only one eigenvalue greater than one, and all six items were highly reliable (( = .82), so these items were summed and averaged to form a measure of network-based technophobia (e.g., “When I ask others for help, I feel ashamed or embarrassed,” “I become more confident with my own skills when asking people who I know to help me”).
The items assessing perceived influence of exposure to technical jargon terminology on technophobia, produced two eigenvalues greater than one, but the scree plot suggested leveling after the fourth factor.  Extraction and rotation began with the two-factor solution. Three of the six items loaded on the first factor, dealing with comfort and understanding of jargon (e.g., “I am confused by the terminology associated with many technological devices” and “I avoid calling technical support because I just get more confused”). This factor was named jargon-based technophobia-understanding and achieved a high reliability (( = .72). However, the second factor, dealing with learning jargon, only loaded three items (e.g., “I become interested in learning more when I hear the terminology”), one of which was subsequently deleted to enhance the reliability of the factor. This factor was named jargon-based technophobia-learning and achieved a marginal reliability (( = .69).
Hypothesis Tests


To investigate the relationships among the variables, the hypotheses and research questions were each tested with regard to their significance (p < .05).  Technophobia and techno-competence were measured in this study, and the influence of these variables was considered in relation to the hypotheses. In addition to the factor analysis, regression analysis, correlations, and ANOVA tests were conducted to test the relationships among the variables in this study.

H1

Hypothesis 1 predicted that technological knowledge, skill, and the motivation to learn a technology would be positively related to the technological supportiveness of the social network. Multiple regression analysis was used to test this hypothesis. The dependent variable, network-based adoption, was analyzed separately based on its two factors (i.e., observation-based adoption, interaction-based adoption). In the first analysis, network observation-based adoption was used as the dependent variable, and motivation (measured by technophobia and societal relevance motivation), knowledge and skills (measured by techno-competence and education) were used as independent variables. The findings indicate that the societal importance of technology and a person’s sense of technological competence account for 50% of the variance in network observation-based adoption likelihood (R = .71, adjR2 = .50, p < .05; see Table 1, Appendix C; all tables shown in Appendix C). In the second analysis, network interaction-based adoption was used as the dependent variable, and motivation (measured by technophobia and societal relevance motivation), knowledge and skills (measured by techno-competence and education) were used as independent variables. The findings indicate that the motivation due to societal-importance of technology, along with one’s sense of technological education and sense of technological competence account for 39% of the variance in network interaction-based adoption likelihood (R = .63, adjR2 = .39, p < .01; see Table 1). Contrary to the hypothesis, however, technophobia did not enter the model. Therefore, H1 was only partially supported.

An exploratory third regression analysis was conducted with regard to H1, with network-based technophobia (being afraid to seek network support) as the dependent variable, and motivation (measured by technophobia and societal relevance motivation), knowledge and skills (measured by techno-competence and education) as independent variables. The findings indicate that one's sense of techno-competence, willingness to seek technological education, sense of technophobia, and finally, sense of societal importance/relevance all predict the extent to which a person is afraid to seek network support for technology-based adoption or information. The model accounts for 48% of the variance (R = .70, adjR2 = .48, p < .01). Interestingly, the order of variables changed substantially from the previous regressions, suggesting the different dependent variables are theoretically distinct.

H2

Hypothesis 2 predicted that as social network technological supportiveness increases, technophobia decreases. This was tested by zero-order Pearson correlations among the three variables referring to self-appraised social network supportiveness (i.e., network-based adoption-observation, network-based adoption- interaction, and network-based technophobia) with general technophobia (see Table 2). Network-based adoption-observation (r = -.46, p < .01) and network-based adoption- interaction (r = -.39, p < .01) were significantly negatively related, as predicted, and as apprehension about seeking assistance from one’s network increased, technophobia increased significantly (r = .59, p < .01). This pattern of results is supportive of H2.
RQ1

Research question 1 asked whether an increase in diffusion of innovations leads to an increase in motivation to adopt new technologies. This question was answered by examination of descriptive data for specific items in the survey. For example, it is apparent that according to item 17 (i.e., “When a new technology becomes more widespread, I become motivated to learn about the technology”), 60% of the sample agreed or strongly agreed, suggesting a tendency of people to concur that societal diffusion influences their likelihood of adopting technologies. The mean of this item was 3.66 (SD= 1.08), also indicating a moderately above-midpoint tendency to agree with this statement. Similarly, in response to the statement “I am eager to learn how new technologies can benefit me personally,” 58% of the sample agreed or strongly agreed, suggesting that because technology appeals to them, people are more motivated to use it. The mean of this item was 3.70 (SD = .96). These findings are consistent with RQ1.

RQ2

Research question 2 inquired about the relationship between exposure to technical jargon and technophobia about the relevant terminology. This question was addressed through descriptive analyses of specific items in the survey. The frequencies with which respondents indicated agreement or disagreement for statements indicating attitudes about jargon and technology were examined. For example, about 27% of respondents indicated that they “are confused by the terminology associated with many technological devices.” However, it should be noted that there is a significant difference between men and women in their indication of jargon-based confusion ((2= 14.82, df = 4, p < .05; ( = .35, p < .01). Among males, only 17% agreed or strongly agreed with this statement. However among females, 35% indicated that they were confused by terminology. In response to the statement: “I avoid calling technical support because I just get more confused,” only 17% of the sample agreed in some form. Once again, there is a (marginally) significant difference based on gender of respondent as 22% of females agreed or strongly agreed with this statement, and only 9% of males ((2= 9.58, df = 4, p < .05; ( = .14, ns).
Post Hoc Analyses

Both age and gender were solicited from respondents, and these variables were examined to determine their influence on some of the other variables. Gender proved to be significant in the area of jargon-based technophobia. Females scored higher than males on these measures. Participants were asked to rate their level of agreement to the statement “when I hear technical terminology, I am comfortable with most of it.” Among males, 68% agreed or strongly agreed that they are comfortable with technical terminology. However, among females, only 31% agreed or strongly agreed. The differences were significant ((2 = 34.42, r = .33, p < .01). Similarly, in response to the statement “I am interested in learning more when hearing terminology,” the results suggested that males had a stronger tendency towards jargon. Among males, 55% agreed or strongly agreed that they are interested in learning more technical terminology.  However, among females, only 32% agreed or strongly agreed. Again, the differences were significant ((2 = 15.54, r = .23, p < .01).

Sex differences were investigated on several variables. Mean difference (t-tests, and ANOVAs to provide effect size estimates) of all constructed variables shows that males are significantly higher than females on several variables; specifically technophobia (F = 22.29; df = 1,251; p < .01; M males = 1.82, SD = .83; M females = 2.35, SD= .89; (2 = .08), techno-competence (F = 15.23; df = 1,251; p < .01; M males = 4.192, SD = .87; M females = 3.74, SD= .93; (2 = .06), and techno-education (F = 28.36; df = 1,251; p < .01; M males = 3.48, SD = .98; M females = 2.75, SD = 1.12; (2 = .10).

Bivariate correlations for each of the variables were examined for both males and females (one-tailed tests were performed with an alpha of < .01). Table 3 is a correlation matrix showing data for males in the upper right half of the matrix and for females in the lower left half. Technophobia and techno-competence are closely negatively related. However this is more true for males (r = .88, p < .01) than females (r = .77, p < .01). Comparing techno-competence and techno-education, the relationship is significant for males (r = .43, p < .01), but for females is not significant (r = .05, p = ns). Similarly, there is little relationship between techno-education and technophobia for females (r = -.17, p < .05), but a moderate one for males (r = -.39, p < .01). In addition, Table 3 shows that there is little relationship between techno-education and societal relevance motivation for females (p = .19, p < .05), and a sizeable one for males (r = .54, p < .01).
Since this study was not limited to college students, it was worthwhile to consider some of the differences among respondents who were solicited from the college campus versus those who are not enrolled in college. Although this study addresses technology in the broader scope, computer literacy was examined as a measure of technological competence.  Participants were asked to rate their level of agreement to the statement “I am computer literate.” Among college students, 64% agreed or strongly agreed with the statement.  However, among non-college students, fully 83% agreed or strongly agreed, indicating a significant relationship ((2 = 13.99, r = .23, p < .01). 

Bivariate correlations for each of the variables were examined for both college students and non-college students (one-tailed tests were performed with an alpha of <.01). Table 4 is a correlation matrix showing data for college students in the upper right half of the matrix and for non-college students in the lower left half. Network-based adoption (interaction and observation) seemed to be the variables with the most interesting correlation differences. Comparing network-based adoption-observation and techno-education, the relationship is significant for non-college (r = .48, p <.01) and not significant for college (r = .04, p = ns). Societal relevance motivation and network-based adoption-interaction are closely related, and the relationship is significant for both college (r = .61, p < .01) and non-college (r = .40, p <.01). There is little relationship between societal relevance motivation and network-based phobia for non-college (r = -.31, p <.01), but a moderate one for college (r = -.61, p <.01). Similarly, network-based phobia and network-based adoption-observation are closely negatively related, although the difference is greater for non-college (r = -.79, p <.01) than for college (r = -.66, p = <.01). In addition, Table 4 shows that there is little relationship between jargon-based phobia-understanding and network-based adoption-observation for non-college (p = -.17, p = .06), but a moderate one for college (r = -.44, p <.01).

CHAPTER 4

Discussion
This study was interested in identifying some of the influences on a user’s adoption of technology. Technophobia was addressed and tested with many other variables, to determine levels of comfort from apprehension to competence. Social network support proved to be one of the strongest positive influences. This is not surprising but its impact is often overlooked. The exposure to technical jargon proved to have a significant impact on technophobia as well, thus influencing adoption. Gender played a significant role in this study, and these differences were examined among many variables. It was discovered that age and education did not necessarily make a substantial difference in regard to increasing competence, and ultimately adoption of technology. 

Limitations 

The purposive sampling strategy employed in this study intended to provide some degree of diversity among the population surveyed. The data reflected a broad age range of participants, from 19 to 78. This strategy proved to be effective in soliciting the anticipated population, rather than limiting the research to a particular age group as in a convenience sample, which is often based on the immediate accessibility of participants. However the purposive sampling strategy is judgmental, in that the researcher included people in different age categories and with different levels of technical sophistication, in order to compare and contrast across groups. One caveat to a either a convenience or purposive sample is that both are non-probability sampling techniques and therefore may be inappropriate for inferential statistics. In other words, generalizing significance from the sample to the entire population may be theoretically impossible when using these types of data tests. Yet the strength of the relationships are revealing, in the way that case study findings are revealing. 
Implications and Future Research

Through the influence of a social network, awareness is often generated about some of the advantages that a new innovation could provide in either personal or professional applications. It would be interesting to examine the adoption of technology in users’ personal lives versus their professional life. In the workplace, use of technology is a requirement for most jobs, whereas it is generally optional on a personal level. Further research could be done in the area of social network support. This concept of the “network” lends itself to an entire communication phenomenon in terms of diffusion and building communities. 

The diffusion of innovations lends to another interesting concept that may be further explored. This study has shown that as technologies become more widespread, people become more motivated to use the technology themselves. This is usually due in part to the influence of person’s social network, personally or professionally. Likewise, when various technologies are diffused by the media through advertisements, movies or television, they may be portrayed as personally beneficial to the user or even as a sign of status. Media portrayal of new technology and its benefits would be a useful study. Overall, when people see how the technology can benefit them personally, this appeal elicits an increase in motivation to adopt. 

The influence of age was mixed in this study. It is often assumed that younger people have the advantage when it comes to technology, and are more technically-inclined. When examining age in this study, the data showed that it was not related to technological attitudes or adoption. However, age did prove to be significant in the area of techno-education, as participants scored more consistently on such measures as “I take classes to learn more about technology.” As the use of technology is increasing among a variety of age groups, it may be useful to explore some of the effects technology has on children. A recent study (Lenhart, et al., 2005) found that among a younger population of teenagers, there were gender differences in their use of technology, with females being more media-engaged than their male counterparts. Although age may not be as big an influence on technology use or competence as expected, it is interesting to see studies targeting specific age groups or demographics, focusing on technophobia or competence.
While not intended to be a major focus of this study, gender differences were significant across a variety of relationships. The results showed that females experienced greater difficulty in regard to use of technical jargon. Likewise, they showed an overall lower score on measures of competence and diffusion-based motivation. However, in regard to education the results were more positive for women, indicating that they are interested in learning, reading articles and taking courses to learn more about technology, equally or more than males. Therefore, although males may adopt and learn new technology with greater ease, females may increase their competence because of their desire to learn. 
The use of technical jargon has only been minimally studied. Future research should be conducted on technical terminology, and its influence on age, gender, and education level. This study showed that gender was significantly affected by jargon use, males being more comfortable with it than females.  It is also worthwhile to consider that for some people, actually using the technology may not be as much the source of their apprehension, as this secondary component of learning, the processing of information. A recent study by Wheeless et al. (2005) suggested that the cognitive processes underlying the emergence of this secondary anxiety, “informational reception apprehension,” are often disregarded because of the emphasis on the technologies themselves. The exposure to technical jargon resulting in the need to process technical information and terminology can strongly influence a person and increase their apprehension, ultimately affecting their adoption of a new technology.
Technophobia and apprehension are common areas of research interest. There is no question that these issues play a role in adoption and will continue to exist as long as new technologies are invented. It would be interesting to examine the effect specific technologies have on gender or on certain age groups. For example the use of cell phones versus landline phones, or electronic navigation systems versus folding area maps. Lee et al. (2003) offer a conceptual model of consumer adoption of technology-based service innovations, which is used to measure access and adoption. It would be useful to assess the demographics of the consumer, and to consider those technological innovations that have become commonplace over the last decade (ATMs, communication via computerized devices, satellite technology, digital music). There are still many people in the world who resist the use of such technologies in their everyday lives. As long as information is continually being diffused as each new innovation emerges, overall societal competence will increase. For now, heightening others’ awareness of the technologies and their uses via social networks will aid in an increased understanding and comfort level among users.

As technology evolves over time, the phenomenon of technological convergence generates the need for further research. Technophobia has been measured as per specific devices or practices (e.g. communicating via a computer or cell phone), yet many devices are increasingly being used for multiple purposes. While this study did not examine any one technology in particular, this concept of convergence can apply to any type of multipurpose media. The question being one of general to specific - do people with greater technophobia for a particular device experience the same level of apprehension with another device, or do they avoid one while excelling at another?  Manufacturers and marketers must take this into consideration when advertising the new all-in-one device.  Is technophobia general across media, and if not will convergence increasingly make it so?

This study showed that many external factors can affect a person’s adoption of technology. This area of research continues to be explored as technology is constantly changing, thus affecting the role of technology in people’s lives. Within the field of communication, technology is becoming a greater focus, as the demands of a technologically-driven society are increasing on a daily basis.
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APPENDIX A

Questionnaire
ADOPTION OF TECHNOLOGY

The following survey includes questions that ask you to describe your use of and attitude towards communications technology. Please note that technology can include (but is not limited to) electronic devices such as personal computers, gaming devices, cameras, cellular telephones, personal data assistants, the internet, electronic mail, online communication, video conferencing, digital cable, and satellite technology; used either for communication purposes or in some aspect of vocation or recreation. The survey also includes questions about your age and gender. You must be 18 years or older to participate in this study. Incomplete questionnaires will not be considered. Please answer the following questions by circling the number that best represents your chosen response. It will take about 20 minutes of your time to complete the survey.

	
	QUESTION
	RESPONSE

	
	
	

	1.
	What is your gender?
	male (1)      female (2)



	2.
	How old are you? 
	# of years ________



	
	For the following items, please indicate your position regarding the use of technology. 

Circle the response that best describes your level of agreement to each statement.

(1=strongly agree, 2=agree, 3=neutral, 4=disagree, or 5=strongly disagree)


	3.
	I enjoy learning about technology.
	1     2     3     4     5



	4.
	I am comfortable using technology.
	1     2     3     4     5



	5.
	I feel confident using technology.
	1     2     3     4     5



	6.
	I get nervous when I am required to use technology.


	1     2     3     4     5



	7.
	I am afraid I am going to make a mistake.
	1     2     3     4     5



	8.
	I am totally confused by technology.
	1     2     3     4     5


	9.
	I try to avoid using technology.

	1     2     3     4     5



	
	



	10.
	I am computer literate.
	1     2     3     4     5


	11.
	I frequently read articles or other sources of information that describe new technology.
	1     2     3     4     5


	12.
	I take classes to learn more about technology.
	1     2     3     4     5


	13.
	I am motivated to use technology in my everyday life.
	1     2     3     4     5


	14.
	I regularly use technological devices to communicate with others.


	1     2     3     4     5


	15.
	I don’t know much about technology.
	1     2     3     4     5


	16.
	I am technologically challenged.
	1     2     3     4     5


	
	



	17.
	When a new technology becomes more widespread, I become motivated to learn about the technology.


	1     2     3     4     5



	18.
	I believe technology can help solve society’s problems.
	1     2     3     4     5



	19.
	I am eager to learn how new technologies can benefit me personally.
	1     2     3     4     5


	20.
	I am expected to know how to use a computer to get a good job.
	1     2     3     4     5



	21.
	I try to avoid jobs that don’t require computer skills.
	1     2     3     4     5



	22.
	In the future, there will still be jobs that don’t require computer skills.
	1     2     3     4     5



	
	



	
	Questions 23–34:  The following statements address general attitudes toward seeking help with technology. “Someone I know” can include anyone in your social network such as friends, neighbors, relatives, associates, or coworkers. 



	23.
	When I hear about new technology from someone I know, I am interested in learning more about the technology.
	1     2     3     4     5


	24.
	When I see someone I know using new technology, I am interested in learning how to use the technology.
	1     2     3     4     5


	25.
	I will likely use a particular technological device if someone I know uses it.


	1     2     3     4     5


	26.
	If I do not understand something, I ask people I know for help.
	1     2     3     4     5


	27.
	When I ask people I know for help, they are supportive of me.
	1     2     3     4     5


	28.
	I learn best from the people I know.
	1     2     3     4     5


	
	




	29.
	When I ask others for help, I feel ashamed or embarrassed.


	1     2     3     4     5


	30.
	I am afraid to ask people who I know to help me because I don’t want to appear ignorant.


	1     2     3     4     5


	31.
	I am comfortable asking people who I know to help me.
	1     2     3     4     5


	32.
	I become more confident with my own skills when asking people who I know to help me.
	1     2     3     4     5


	33.
	I am comfortable using technological devices to communicate with others.


	1     2     3     4     5


	34.
	Communicating with others using technological devices relieves some of my tension.


	1     2     3     4     5


	
	



	35.
	I am confused by the terminology associated with many technological devices.


	1     2     3     4     5


	36.
	I avoid calling technical support because I just get more confused.


	1     2     3     4     5



	37.
	I enjoy talking to technical support because it helps me to understand the terminology.


	1     2     3     4     5


	38.
	When I hear technical terminology I am comfortable with most of it.


	1     2     3     4     5


	39.
	I become interested in learning more when I hear the terminology. 


	1     2     3     4     5


	40.
	The more I use technology, the more I use technical terminology when talking to others. 


	1     2     3     4     5



Thank you for participating in this survey.

APPENDIX B

Statement of Informed Consent
Statement of Informed Consent

Dear Participant,

My name is Lisa Birman and I am a student in the School of Communication at San Diego State University (SDSU). I am conducting a study about adoption of technology, to identify factors that influence a person’s use of or resistance to technology (such as technophobia, the influence of a social network, and exposure to technical jargon). I am asking adults in the San Diego area to complete a survey. The results will be reported in a thesis that I will complete as a requirement of my graduate program. 

Your participation in this study is voluntary. If you decide to participate, your responses will be anonymous - that is, recorded without any identifying information that is linked to you. In addition, your responses will be kept confidential and will not be used for marketing or commercial purposes.  If you have any questions regarding this survey, please contact me at lbirman@hotmail.com. If you have any questions regarding your rights as a human subject and participant in this study, or to report research-related problems, you may call the Institutional Review Board at SDSU for information, at (619) 594-6622, or irb@mail.sdsu.edu.

APPENDIX C

Tables
Table 1. Stepwise Regression of Dependent Variables onto All a Priori Independent Variables

R 
R2
Adj. R2 
   Standardized
R2 (
F (
      df
      p




          
           Beta

Table 1a





DV = Network-based adoption-interaction


societal-relevance motivation
.707
.499
.497
.63500
.499
250.163
1/252
.001

techno-competence
.712
.507
.503
.11400
.008
4.005
2/252
.046

Table 1b

DV = Network-based adoption-observation









societal-relevance motivation
.519
.269
.267
.47300
.269
92.585
1/252
.001

techno-education
.599
.359
.354
-.32700
.089
34.794
2/252
.001

techno-competence
.631
.398
.391
.25500
.039
16.311
3/252
.001

Table 1c

DV = Network-based technophobia

techno-competence
.627
.394
.391
-.31000
.394
162.996
1/252
.001

techno-education
.654
.428
.423
.27000
.034
14.877
2/252
.001

technophobia
.677
.459
.452
.30000
.031
14.257
3/252
.001

societal-relevance motivation
.697
.486
.478
-.22000
.027
13.248
4/252
.001

Table 2. Pearson Correlations of All Constructed Variables with Age (N ( 253)
 
(1)
(2) 
(3) 
(4)
(5) 
(6) 
(7) 
(8)  
(9) 

(1) age



(2) technophobia
-.080


(3) techno-competence
.067
**-.820


(4) techno-education
**.210
**-.311
**.248


(5) societal relevance motivation
.025
**-.555
**.626
**.346



(6) network adoption-observation
.019
**-.458
**.512
**.252
**.707


(7) network adoption-interaction
.041
**-.398
**.470
-.101
**.519
**.540


(8) network-based phobia
-.100
**.593
**-.627
.023
**-.488
**-.426
**-.733


(9) jargon-based phobia-understand
-.066
**.646
**-.556
**-.372
**-.377
**-.301
**-.230
**.425


(10) jargon-based phobia-learning
**-.175
**.368
**-.317
**-.487
**-.357
**-.358
**-.192
**.172
**.478


** Correlation is significant at the 0.01 level (2-tailed).
Table 3. Pearson Correlations of All Constructed Variables Split by Gender (Nmales ( 100, Nfemales ( 253)
 


(1)
(2)
(3)
(4)
(5)
(6)
(7)
(8)
(9)

(1) technophobia



**-.770
*-.169
**-.508
**-.464
**-.473
**.615
**.611
**.296

(2) techno-competence


*-.876

.055
**.597
**.524
**.566
**-.699
**-.500
**-.245

(3) techno-education


**-.382
**.433
 
*.193
.139
*-.176
*.173
**-.297
**-.453

(4) societal relevance motivation

**-.595
**.645
**.540

**.713
**.586
**-.551
**-.318
**-.300

(5) network adoption-observation

**-.422
**.469
**.391
**.686

**.550
**-.509
**-.302
**-.370

(6) network adoption-interaction

**-.334
**.351
.086
**.433
**.551

**-.828
**-.217
*-.183

(7) network-based phobia


**.543
**-.475
-.185
**-.348
*-.255
**-.539

**.372
.104

(8) jargon-based phobia-understd

**.626
**-.567
**-.340
**-.408
*-.254
**-.317
**.500

**.394

(9) jargon-based phobia-learning

**.362
**-.325
**-.426
**-.391
**-.300
**-.262
*.250
**.514


**  Correlation is significant at the 0.01 level (2-tailed).

*  Correlation is significant at the 0.05 level (2-tailed).

The lower quadrant consists of correlations for males.

The upper quadrant consists of correlations for females.
Table 4. Pearson Correlations of All Constructed Variables Split by College (Ncollege ( 134, Nnon-college ( 119)
 


(1)
(2)
(3)
(4)
(5)
(6)
(7)
(8)
(9)

(1) technophobia



**-.805
*-.194
**-.573
**-.490
**-.424
**.606
**.628
**.325

(2) techno-competence


**-.825

.089
**.689
**.559
**.499
**-.697
**-.536
**-.245

(3) techno-education


**-.394
**.394

*.192
.044
*-.181
.146
**-.347
**-.454 

(4) societal relevance motivation

**-.547
**.550
**.543

**.679
**.608
**-.614
**-.434
**-.293

(5) network adoption-observation

**-.440
**.475
**.479
**.741

**.633
**-.554
**-.437
**-.317

(6) network adoption-interaction

**-.394
**.457
.012
**.398
**.438

**-.788
**-.267
-.147

(7) network-based phobia


**.570
**-.515
-.100
**-.309
**-.278
**-.658

**.424
.075

(8) jargon-based phobia-understnd

**.639
**-.547
**-.331
**-.318
-.171
**-.209
**.419

**.461

(9) jargon-based phobia-learning

**.347
**-.345
**-.463
**-.446
**-.416
**-.279
**.277
**.437


**  Correlation is significant at the 0.01 level (2-tailed).

*  Correlation is significant at the 0.05 level (2-tailed).

The lower quadrant consists of correlations for non-college students.
The upper quadrant consists of correlations for college students.



